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Abstract 

In contemporary marketing, maintaining and enhancing customer loyalty toward a company's products or 
services has become a primary focus. Among the factors influencing customer loyalty is ethical marketing, a field 
of applied ethics related to the principles governing behavior, advertising, and regulation in marketing. Over the 
past two decades, ethical consumerism has grown in importance due to increasing social and environmental 
concerns. This study examines the impact of ethical components on Customer Lifetime Value (CLV) for dairy 
product consumers in Tehran in 2023. A total of 710 questionnaires were completed, and the GWRFM method 
was employed to extract the necessary information for calculating CLV. The results revealed a high frequency of 
clusters with low lifetime value. In the subsequent phase, multinomial logit regression was utilized to analyze the 
effect of ethical components on CLV, highlighting the significant positive impact of adherence to industry 
regulations and acceptance of social responsibility. Therefore, it is recommended that stakeholders in the dairy 
industry assure customers of their compliance with regulations and social responsibility to elevate them to higher-
value clusters and foster loyalty. By respecting ethical norms, a substantial portion of consumers of cheese, yogurt, 
and ayran products may transition toward becoming valuable customers in this sector. 
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 Introduction 

Customer loyalty is defined as a preference 
for a brand over others, accompanied by a 
psychological commitment. In today’s hyper-
competitive environment, organization cannot 
succeed without addressing customer needs and 
desires and ensuring their satisfaction. 
Research indicates that perceived customer 
value significantly influences customer 
satisfaction, loyalty, and the successful sale of 
goods or services, often more than the 
characteristics of the goods themselves (Zehir, 
& Narcıkara, 2016). Customer loyalty has 
gained special importance, particularly in the 
service sector, due to competitive pressures. 
Scholars define customer loyalty as favorable 
attitudes toward services/products and a 
commitment to their purchase or use (Shiri et 
al., 2017). Increased loyalty can stabilize 
revenue streams and enhance profitability over 
time. Without customer loyalty, even the best 
business models falter. Organizations strive to 
continuously meet customer expectations and 
cultivate long-term relationships. Loyalty 
reflects a favorable attitude toward a business, 
leading to repeat purchases (Niazian, 2018). 
Ethical marketing is known as a factor that can 
enhance customer loyalty, which pertains to the 
ethical principles governing behavior, 
advertising, and regulation in marketing. To 
sustainably attract buyers, companies must 
instill confidence in the honesty and correctness 
of their product advertisements. This concept 
has been widely discussed in management and 
marketing literature (Jandaghi et al., 2017). 

Research on ethical judgment indicates that 
moral feelings significantly drive cognitive 
reasoning processes before conscious ethical 
reasoning occurs (Haidt, 2007; Greene & Haidt, 
2002). Neuroimaging studies confirm that 
specific brain areas related to emotional 
feelings activate in response to ethical 
dilemmas (Moll et al., 2005; Moll et al., 2002). 
Ethical consumerism has become increasingly 
significant over the last two decades due to 
social and environmental issues (Adams, 2002). 
More consumers are integrating ethical 
considerations into their purchasing decisions, 

such as opting for environmentally labeled 
products or avoiding ethically questionable 
items. Various studies demonstrate that 
responsible corporate behavior positively 
affects brand reputation, employer image, 
investor access, and competitive positioning 
(Chang, 2011). Many retailers are now offering 
ethical products under private labels (Willer, & 
Lernoud, 2016). Pecoraro et al. (2014) describe 
ethical consumption as a behavioral pattern 
prompting consumers to reconsider their 
everyday choices from an ethical standpoint. 
Crane & Matten (2010) define ethical 
consumption as the deliberate choice to engage 
in certain consumption practices based on 
personal ethical beliefs and values. Shaw et al. 
(2016) view ethical consumption as embodying 
care, responsibility, and commitment, including 
consumers' willingness to pay extra for 
sustainable products (Tsarenko et al., 2013). 

In the context of consumers and retailing, 
terms like ethical, conscious, environmentally 
friendly, green consumption, and slow 
consumption are often used interchangeably. 
Green consumption relates consumerism to its 
environmental effects (Glim et al., 2013). 
Organic food consumption, often associated 
with health awareness, is another ethical 
consumption pattern (Rana & Paul, 2017). 

Among the methods for measuring and 
profiling customer loyalty, the Customer 
Lifetime Value (CLV) method is noteworthy 
for identifying the most valuable customers and 
calculating customer value (Kumar et al., 2009; 
Fader, 2012). CLV plays a vital role in 
customer retention and long-term relationships, 
key goals of CRM (Haenlein, 2017). Each 
customer is an asset with unique preferences, 
and companies compete for their attention. 
Customers vary in needs, expectations, and 
behaviors, necessitating tailored management 
approaches (Monalisa, 2018). Marketing's 
customer-centered focus drives organizations 
to understand the real value of customers. Some 
researchers argue that CLV is the most effective 
variable for measuring customer value. 
However, CLV's meaning varies across 
industries and is influenced by the types of 
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services and products offered. The CLV 
method connects the value provided by the 
company to the customer and the value the 
customer contributes to the company over their 
relationship (Buttle & Maklan, 2016). Most 
studies in the literature have utilized CLV for 
segmentation (Yoseph et al., 2019; 
Akhondzadeh et al., 2014), resulting in 
segments reflecting only customer value (e.g., 
high profit, low profit) without detailing 
specific industry characteristics (Mosaddegh et 
al., 2021). The primary goal and application of 
CLV is customer segmentation (Abens & 
Parcheta, 2016). 

This study focuses on calculating the 
customer lifetime value as a representation of 
customer loyalty to dairy products and the 
relationship between CLV and ethical 
components. To calculate CLV and segment 
dairy product consumers, the K-means 
clustering method and WRFM method were 
employed, and multinomial logit regression 
used to measure the impact of ethical 
components on clustering. 

 
Methodology 

The CLV-based segmentation model allows 
a company to identify the most profitable 
customer groups, understand their common 
characteristics, and focus more on them. This 
process is based on current value, potential 
value, and loyalty while also considering 
generated profit share and potential profit. 
However, these factors can only be calculated if 
the customer has a long-term relationship with 
the business entity (Abens & Parcheta, 2016). 

According to Gupta et al., 2006; Estrella-
Ramón et al., 2013; Jasek et al., 2018 and Jasek 
et al., 2019, there are two approaches for 
analyzing CLV components: the deterministic 
approach and the stochastic approach (a 
combination of six different modeling 
methods). The deterministic approach uses 
equations in which all criteria are directly 
incorporated into the simplified CLV 
calculation. One of the representatives of this 
approach is the RFM model (Recency, 
Frequency, Monetary). The RFM analysis 
model, which is one of the most powerful and 

simplest CLV models for customer loyalty, was 
proposed by Hughes (1994). Customer loyalty 
is an appropriate feature for customer 
segmentation. Customers’ past purchasing 
behavior can indicate their level of loyalty 
(Chang & Tsai, 2011). The RFM model 
measures when, how often, and how much a 
customer has purchased (Winer, 2001). This 
model, using three features-recency (the time 
since the last purchase), frequency (the number 
of purchases in a given time period), and 
monetary value (the amount spent in the last 
period)—distinguishes important customers 
from a dataset (Monalisa et al., 2019). RFM 
analysis is used to calculate a score for each 
customer (Yeh et al., 2009). In more complex 
scenarios, weights are used to assign more or 
less importance to the RFM variables 
(Kasperova, 2020). 

In this study, RFM variables are used as 
inputs for other models. Given that 
segmentation based on products is one of the 
objectives of this study, the model used to 
calculate customer lifetime value is the Group 
WRFM model. This model extracts the values 
of the three variables R, F, and M for each of 
the products that customers have purchased so 
far. To do this, products must first be grouped, 
and then customer transactions must be 
considered separately for each group of 
products to calculate WRFM values for each 
purchased product category. Using this model, 
a precise sales strategy can be developed to 
better meet market needs. Therefore, customer 
segmentation is based on purchased products. 
After extracting the model variables, they were 
scaled to calculate each customer’s score. Since 
the range of variables differs based on their 
nature and to prevent larger values from 
dominating the analysis, a normalization 
process must be conducted. This ensures that 
the data are comparable on a uniform scale. In 
this stage, the min-max approach is used. 

Next, the weight of each parameter must be 
determined for ranking and clustering 
customers. In this study, the Analytic Hierarchy 
Process (AHP) and expert opinions are 
employed for weighting the indicators, while 
the Expert Choice software is used to determine 
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parameter weights.  In the following stage, 
customers are ranked based on their Customer 
Lifetime Value (CLV) using the following 
relationships (Kasperova, 2020). 

 (1) 𝐶𝐿𝑉𝑐𝑖 = (𝑁𝑅Milk𝑐𝑖 × 𝑊𝑅) + 

(𝑁𝐹Milk𝑐𝑖 × 𝑊𝐹) + (𝑁𝑀Milk𝑐𝑖 ×
𝑊𝑀)  

 (2) 𝐶𝐿𝑉𝑐𝑖 = (𝑁𝐹Cheese𝑐𝑖 × 𝑊𝐹) + 

(𝑁𝑅Cheese𝑐𝑖 × 𝑊𝑅) 

+(𝑁𝑀Cheese𝑐𝑖 × 𝑊𝑀)  

(3) 𝐶𝐿𝑉𝑐𝑖 = (𝑁𝐹Yogurt𝑐𝑖 × 𝑊𝐹) + 

(𝑁𝑅Yogurt𝑐𝑖 ×𝑊𝑅) + 

(𝑁𝑀Yogurt𝑐𝑖 ×𝑊𝑀) 

(4) 𝐶𝐿𝑉𝑐𝑖 = (𝑁𝐹Ayran𝑐𝑖 × 𝑊𝐹) + 

(𝑁𝑅Ayran𝑐𝑖 ×𝑊𝑅) + (𝑁𝑀 Ayran𝑐𝑖 
×𝑊𝑀) 

In the relationship described above, NRMilk 
denotes the normalized value of RNMilk within 
cluster ci, while WR represents the weight of 
parameter R. Other parameters are defined in a 
similar manner. 

Since loyalty is a multi-level variable based 
on the categorization of customer lifetime 
value, the multinomial logit model can be used 
to evaluate the impact of each ethical factor on 
loyalty. This approach relies on the assumption 
that the levels are independent and that 
excluding one level when selecting individuals 
for the chosen loyalty categories does not lead 
to any changes (Long, 1997). For the purposes 
of this study, the multinomial logit model was 
applied to examine the effect of ethical factors 
on customer lifetime value, which was 
categorized into five levels: very high, high, 
medium, low, and very low. In the multinomial 
logit model, one category of the dependent 
variable is selected as the reference class. In 
other words, the probability of selecting one 
category of the dependent variable relative to 
the reference class is evaluated (Ben-Akiva & 
Lerman, 1985). The general structure of the 
multinomial logit model is expressed by the 
following equation: 

(5)   , M=0,1,2, 

The observed dependent variable consists of 
four loyalty groups for consumer iii. wiw_iwi 

represents the vector of explanatory variables, 
and αm\alpha_mαm is a vector of model 
coefficients. mmm denotes each consumer 
group. The first step in estimating multinomial 
logit models is to designate one group from the 
dependent variable categories as the reference 
group, so that the probability of selecting the 
other groups relative to it can be measured. 
Given that logit models are discrete choice 
models, the estimation process utilizes the 
logarithm of the likelihood function: 

(6)  
n the model estimated in this study, the 

dependent variable consists of customer value 
clusters, calculated using equations 1 to 4 
(divided into five categories: very high-value 
customers, high-value customers, medium-
value customers, low-value customers, and 
very low-value customers). The explanatory 
variables include the three ethical components 
previously mentioned. In this model, the 
coefficients are not directly interpreted because 
the change in probability resulting from an 
increase in an independent variable depends not 
only on its own value but also on the values of 
other variables. Since this probability change is 
not constant, the coefficients themselves are not 
directly meaningful. Instead, only the sign of 
the coefficient is interpreted, as it indicates the 
direction of the probability change. After 
estimating the model, the Relative Risk Ratio 
(RRR) criterion is calculated to determine the 
impact of each explanatory variable on the 
dependent variable groups (willingness to 
purchase more). This criterion measures how 
the probability of selecting the comparison 
group, relative to the probability of selecting the 
reference group, changes with a change in the 
explanatory variable (Long, 1997). 

To assess the goodness-of-fit of the 
multinomial logit model, several tests and 
criteria are used, including pseudo-R2R^2R2 
statistics. These statistics do not have an 
interpretation equivalent to the regular 
R2R^2R2, and it can only be stated that the 
value increases with the power of model fit 
(Greene, 2011). In the multinomial logit model, 
to examine the effect of independent variables 
on the dependent variable, two tests-Likelihood 
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Ratio (LR) and Wald-are used for each of the 
independent variables in the model (Isengildina 
& Hudson, 2001). 

To test the Independence of Irrelevant 
Alternatives (IIA) assumption, the Hausman 
test is recommended. To test the assumption of 

independence of irrelevant alternatives, the 
Hausman test is recommended  (Hausman & 
McFadden, 1984). 

The population under study in this research 
consists of consumers of dairy products (milk, 
cheese, yogurt, and ayran) in Tehran, Iran. A 
sample size of 620 questionnaires was initially 
determined. An electronic version of the 
questionnaire was created, and the link was 
distributed to residents of Tehran. In addition to 
the online completion of the questionnaire, in-
person interviews were also conducted. 
Ultimately, to ensure the reliability of the data 
and minimize errors, 710 valid questionnaires 
were included for analysis after excluding 

incomplete responses. To gather insights from 
both consumers and experts (specialists in the 
private dairy industry), a combination of 
accessible random sampling and snowball 
sampling methods was employed. 

 
Results and Discussion 

The demographic characteristics of the 
studied individuals are illustrated in Fig. 1 and 
2. As shown in the charts, 55.9% of consumers 
are women, while 44.1% are men. The 
respondents have an average age of 35, ranging 
from 18 to 60 years. The highest percentage 
belongs to individuals with a bachelor's degree 
(approximately 46.9%), whereas the lowest 
percentage corresponds to those with a doctoral 
degree or higher. Regarding employment 
status, about 41% of consumers are employed, 
while the unemployed group has the lowest 
representation at 4.2%. 

 

 
Figure 1- The percentage of Gender frequency 

 

 
Figure 2- The percentage of age frequency 

 
In the initial step of calculating Customer 

Lifetime Value (CLV), the RFM model 
parameters, derived from 710 completed 
questionnaires, were normalized and 
subsequently categorized into five clusters 
using the K-Means clustering method. The 

optimal number of clusters was determined 
using the Dunn index, based on the clustering 
results analyzed with SPSS Statistics 25. The 
average values of the R, F, and M parameters 
for each dairy product within each cluster are 
presented in Table 1. 
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Table 1- Member clustering results based on RFM parameters for each product 
Ayran Yogurt Cheese Milk 

(Cluster) 
M F R M F R M F R M F R 

0.210 0.043 0.853 0.945 0.31 0.165 0 0 1 0.931 0.206 1 1 
0.815 0.035 0.881 0.878 0.107 0.733 0 0 0.19 0.781 0.052 0.158 2 
0.174 0.002 0.306 0.79 0.053 0.092 0.857 0.102 0.239 1 1 0.317 3 
0.16 1 0.981 0.869 0.077 0.375 1 1 0.147 0.985 1 0.092 4 

0.206 4 0.530 0.951 0.099 0.119 0.869 0.103 1 0.949 0.287 0.173 5 
Source: Researcher's Calculations 

 

To determine the weight of each parameter, 
a similar approach was used by consulting ten 
experts from the private dairy industry. The 
weights were calculated using the AHP method 
and analyzed with Expert Choice software, with 
the results presented in Table 2. The total sum 
of the weights equals one, and the AHP 

consistency index was found to be 0.02. 
Next, Equations 1 to 4 were applied to 

calculate the CLV score for each cluster using 
the WRFM method. The CLV values and the 
corresponding rankings for each cluster are 
presented in Table 3. 

 

Table 2- RFM model parameter weights 
Parameter M F R 

Weight 0.645 0.245 0.11 
Source: Researcher's Calculations 

 

Table 3- CLV calculation results and cluster ranking for each product 
Ayran Yogurt Cheese Milk 

Cluste

r 
Status of 

indicator

s 

Ran

k CLV 
Status of 

indicator

s 

Ran

k CLV 
Status of 

indicator

s 

Ran

k CLV 
Status of 

indicator

s 

Ran

k CLV 

↑↑↓ 4 0.58

4 ↑↑↑ 1 0.70

4 ↑↓↓ 4 0.11 ↓↓↑ 3 0.76

1 1 

↑↓↑ 3 0.66

6 ↑↑↓ 2 0.67

3 ↓↓↓ 5 0.02 ↓↓↓ 5 0.53

7 2 

↓↓↓ 5 0.21

6 ↓↓↓ 5 0.53

2 ↓↓↑ 3 0.60

4 ↑↑↑ 1 0.92

4 3 

↑↑↓ 2 0.89

5 ↑↓↓ 4 0.62 ↑↑↑ 1 0.90

6 ↑↓↑ 2 0.89 4 

↑↑↑ 1 1.34

4 ↑↓↑ 3 0.65

1 ↑↑↓ 2 0.69

3 ↑↓↓ 4 0.70

2 5 

Source: Researcher's Calculations 

 

In analyzing the indicator status, the average 
value of each RFM model parameter for each 
product within each cluster was compared to 
the overall average across the dataset. This 
comparison highlights how each cluster's 
parameter values deviate from the general 
trend. If a parameter's average value in a cluster 
exceeds the overall average, it is marked with 
an upward arrow (↑) to indicate a favorable 
status, whereas a lower-than-average value is 
denoted by a downward arrow (↓) to reflect an 
unfavorable status. 

The frequency and distribution of customers 
across Customer Lifetime Value (CLV) 
categories are presented in Fig. 3 for milk, Fig. 

4 for cheese, Fig. 5 for yogurt, and Fig. 6 for 
Ayran. The results indicate that the proportion 
of customers with very high and high loyalty is 
relatively low. For milk, yogurt, and Ayran, the 
highest frequency percentages correspond to 
very low and low loyalty levels, respectively. In 
contrast, for cheese, the majority of customers 
are classified within the medium loyalty cluster. 

To examine the impact of ethical 
consumption factors on customer loyalty and 
their distribution across customer lifetime value 
clusters, a multinomial logit model was 
employed. The ethical consumption factors 
were selected based on prior research in ethics, 
marketing, and consumer behavior, as these 
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aspects are expected to influence customer 
placement within different lifetime value 
clusters. These factors include the brand’s 
compliance with industry regulations, 
adherence to ethical norms, and customer 
preference for brands that demonstrate social 
responsibility. Each of these components was 
measured on a five-point Likert scale, where a 
score of 5 represents "strongly agree" and 1 
signifies "strongly disagree." 

Fig. 7, 8, and 9 show the frequency 
distribution of responses for each ethical factor, 
respectively, indicating that customers place 
significant importance on ethical 

considerations. However, the extent to which 
these factors influence purchasing decisions, as 
well as their impact on loyalty and customer 
lifetime value, remains an open question that 
will be further explored through multinomial 
logit analysis. The first step in estimating the 
multinomial logit model is to designate one of 
the groups as the base group, enabling the 
calculation of the probability of selecting other 
groups relative to this reference category. 
Typically, the group with the highest frequency 
is chosen as the base group. The results of the 
multinomial logit model for each product are 
presented separately below. 

 

 
Figure 3- Percentage frequency of customer lifetime value clusters (Milk) 

 

 
Figure 4- Percentage frequency of customer lifetime value clusters (cheese)  

 

 
Figure 5- Percentage frequency of customer lifetime value clusters (ayran) 
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Figure 6- Percentage frequency of customer lifetime value clusters (yogurt) 

 
Figure 7- The frequency percentage of items in the second component 

 

 
Figure 8- The frequency percentage of items in the first component 

 

 
Figure 9- Frequency percentage of items in the third component 

 
Product: Milk 

In this study, the fourth cluster, consisting of 
individuals with low customer lifetime value, 
was designated as the base group for 
segmenting customers of the milk product. To 
ensure the optimal and accurate classification of 
the dependent variable groups, the Wald test 
was conducted, with the results presented in  
Table 4. The statistical analysis of pairwise 

comparisons between the first and third clusters 
showed no significant differences, meaning the 
null hypothesis could not be rejected. 
Consequently, the first cluster was merged with 
the second, while the third cluster was 
combined with the fourth. After repeating the 
test, all pairwise comparisons yielded 
significant results, confirming that the three 
customer lifetime value clusters should remain 
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distinct and should not be merged into a single group. 
 

Table 4- Parent test results for combining loyalty levels (milk) 
Wald Test 

Clusters 
Probe Stat 
0.00 27.325 Very high  & high loyalty people with medium  & low loyalty 
0.00 18.291 People with very low loyalty to people with medium and low loyalty 
0.00 27.954 People with very high and high loyalty with people with very low loyalty 

Researcher's Calculations 

 
The generalized Hausman test was 

employed to evaluate the independence of 
irrelevant alternatives within the model, with 
the results presented in  Table 5. According to 
this Table, the statistical values for all groups 
are insignificant, indicating that the null 

hypothesis regarding the independence of 
irrelevant alternatives cannot be rejected. 
Therefore, it can be concluded that the groups 
are independent of one another, and use of the 
multinomial logit model for this analysis is 
appropriate and will not pose any issues. 

 
Table 5- The results of the generalized Hausman test for the assumption of independence of unrelated options (IIA) (milk) 

Probe Stat clusters 
1.00 -0.792 people with Very high & high loyalty 
1.00 -6.523 people with medium and low loyalty 
1.00 -10.007 people with very low loyalty 

 
The goodness of fit for the regression model 

is presented in Table 6, where the likelihood 
ratio of the estimated model is reported as 
82.805. Given the significance level of 0.00, 

this result is statistically significant. Therefore, 
the overall significance of the likelihood ratio 
test confirms the appropriateness of the 
regression model. 

 
Table 6- Good fit criteria of the multinomial logit model (milk) 

Statistics value Statistics Statistics value Statistics 
0.078 Pseudo R2 -657.304 LR 
0.128 Cragg & Uhler’s R2 0 LR-prob 

1354.608 AIC 82.805 LR(6) 
-4.056 BIC 0.033 McFadden’s Adj R2 

Researcher's Calculations 

 

The results of estimating the multinomial 
logit model using the maximum likelihood 
method to assess the impact of the specified 
explanatory variables on customer loyalty for 
the milk product (measured by the CLV score) 
are presented in Table 7. It is important to note 
that the estimated coefficients indicate only the 
magnitude and direction of their effect on the 
odds ratio. The relative odds ratio represents the 
change in the odds of belonging to a specific 
group compared to the base group in response 
to variations in the explanatory variables. 

The importance individuals place on 
adhering to ethical norms has a significant 
negative effect on the likelihood of being 
classified in the high and very high customer 

lifetime value clusters compared to the base 
cluster (very low customer lifetime value), 
reducing the odds of inclusion in this group by 
67.0%. In contrast, the emphasis on social 
responsibility has a significant positive impact, 
increasing the likelihood of being categorized 
in the high and very high customer lifetime 
value clusters by 396.0% relative to the base 
cluster. Additionally, individuals who prioritize 
compliance with industry regulations exhibit a 
significant negative effect on the likelihood of 
being classified in the medium customer 
lifetime value cluster compared to the base 
cluster, decreasing the odds of inclusion in this 
group by 62.0%. 
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Table 7- Estimation results of multinomial logit model (milk) 

Relative 

Risk 

Ratio 

P-

Value 
Standard 

deviation Coefficient Variable Name Category 

0.729 0.114 0.199 -0.315 
Adherence of the brand to the rules of its 

field of activity Cluster1 
People with a very high & high 

level of loyalty 
0.676 0.089 0.229 -0.390 Respect for ethical norms by the brand 

3.96 0 1.001 1.37 preferably a brand with social 

responsibility 

0.622 0 0.119 -0.473 Adherence of the brand to the rules of its 

field of activity Clusterv2 
People with an average level of 

loyalty 
1.242 0.127 0.142 0.217 Respect for ethical norms by the brand 

0.951 0.694 0.432 -4.049 preferably a brand with social 

responsibility 
Researcher's Calculations 

 

Product: Cheese 

For the customer group associated with the 
cheese product, the third cluster, representing 
individuals with medium customer lifetime 
value, was designated as the base group. The 
Wald test results for pairwise comparisons 
among all clusters were not statistically 

significant. Consequently, the first and second 
clusters were merged, as well as the fourth and 
fifth clusters. The test was then repeated, with 
the results presented in Table 8. The findings 
indicate that the customer lifetime value 
clusters remain statistically distinct and should 
not be combined. 

 
Table 8- Parent test results for combining loyalty levels (cheese) 

Wald Test 
Clusters 

Probe Stat 
0.00 47.01 Very high & high loyalty people with medium loyalty people 
0.00 24.974 People with very low loyalty & low with people with medium loyalty 
0.00 40.372 People with very high & high loyalty versus people with very low & low loyalty 

Researcher's Calculations 

 
The generalized Hausman test was 

employed to evaluate the independence of 
irrelevant alternatives within the model, with 
the results presented in Table 9. The statistical 
values of the test for each group in the model 
are not statistically significant. Therefore, it can 

be concluded that the loyalty levels are 
independent of one another, confirming the 
appropriateness of the multinomial logit model 
for this analysis. 

 
Table 9- The results of the generalized Hausman test for the assumption of independence of unrelated options (IIA) (cheese) 

Probe Stat Clusters 

1.000 -6.829 Very high & high loyalty people 
1.000 -645.415 People with medium loyalty 
0.929 0.868 people with very low & low loyalty 

Researcher's Calculations 

 
The goodness of fit for the regression model 

is presented in Table 10, where the likelihood 
ratio of the estimated model is reported as 
121.65. Given a significance level of less than 
1%, this result is statistically significant. 

Therefore, based on the overall likelihood ratio 
test, the regression model is considered 
statistically valid and appropriate for analysis. 

 
 

Table 10- Good fit criteria of the multinomial logit model (cheese) 
Statistics value Statistics Statistics value Statistics 

0.189 Pseudo R2 -260.283 LR 
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0.265 Cragg & Uhler’s R2 0 LR-prob 
544.566 AIC 121.65 LR(6) 
-82.275 BIC 0.152 McFadden’s Adj R2 

Researcher's Calculations 

 

The results of estimating the multinomial 
logit model using the maximum likelihood 
method to assess the impact of the specified 
explanatory variables on customer loyalty for 
the cheese product are presented in Table 11. 
The findings indicate that individuals who 
prioritize compliance with industry regulations 
have a significant negative effect on the 
likelihood of being categorized in the second 
cluster compared to the base cluster, reducing 
the probability of inclusion in this group by 
0.10%. Furthermore, the importance placed on 
social responsibility has a significant positive 
impact on the likelihood of being classified in 
the high and very high customer lifetime value 
clusters relative to the base cluster (medium 

customer lifetime value), increasing the 
probability of inclusion in this group by 5.49%. 

Additionally, adherence to ethical norms has 
a dual effect: it significantly reduces the 
likelihood of belonging to the high and very 
high customer lifetime value clusters while 
significantly increasing the likelihood of being 
placed in the very low and low customer 
lifetime value clusters. Specifically, it 
decreases the probability of inclusion in the 
high and very high customer lifetime value 
clusters by 0.51% and increases the probability 
of being in the very low and low customer 
lifetime value clusters by 21.22% compared to 
the base cluster. 

 

Table 11- Estimation results of multinomial logit model (cheese) 

Relative 

Risk 

Ratio 

P-

Value 
Standard 

deviation Coefficient Variable Name Category 

0.835 0.341 0.188 -0.179 
Adherence of the brand to the rules of its 

field of activity Cluster1 

People with a very high & high 

level of loyalty 
0.512 0.001 0.196 -0.668 Respect for ethical norms by the brand 

5.498 0.00 0.25 1.704 
preferably a brand with social 

responsibility 

0.106 0.00 0.438 -2.240 
Adherence of the brand to the rules of its 

field of activity Cluster 2 

people with very low & low 

loyalty 
21.221 0.006 1.109 3.055 Respect for ethical norms by the brand 

0.474 0.306 0.728 -0.745 
preferably a brand with social 

responsibility 
Researcher's Calculations 

 

Product: Yogurt 

In this study, the fifth cluster of the 
dependent variable, representing individuals 
with very low customer lifetime value, was 
designated as the base group for the yogurt 
product customer segment. To ensure the 
optimal and accurate classification of the 
dependent variable groups, the Wald test was 
employed, and the results are presented in Table 
12. The statistical values for the pairwise 
comparisons among all clusters were found to 
be significant. As a result, the null hypothesis, 

which suggested that the groups could be 
combined, was rejected. Therefore, the model, 
with the five distinct levels of the dependent 
variable, is considered to fit the data 
appropriately. 

The generalized Hausman test was 
conducted to evaluate the independence of 
irrelevant alternatives within the model, with 
the results presented in Table 13. The statistical 
values for each group in the model were found 
to be insignificant, confirming the suitability of 
the multinomial logit model for this analysis. 

 
 

Table 12- Parent test results for combining loyalty levels (Yogurt) 
Wald Test 

Category 
Wald Test 

Category 
Probe Sta Probe Stat 
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0.000 27.181 
High-loyalty people versus low-

loyalty people 
0.00 42.227 

People with very high loyalty with 

people with high loyalty 

0.000 29.439 
People with high loyalty versus 

people with very low loyalty 
0.00 35.274 

People with very high loyalty versus 

people with moderate loyalty 

0.000 41.721 
People with moderate loyalty 

versus people with low loyalty 
0.00 20.858 

High-loyalty people versus low-loyalty 

people 

0.019 9.991 
People with moderate loyalty and 

people with very low loyalty 
0.00 40.522 

People with very high loyalty versus 

people with very low loyalty 

0.000 27.386 
People with low loyalty versus 

people with very low loyalty 
0.00 32.951 

People with high loyalty versus people 

with medium loyalty 
Researcher's Calculations 

 
Table 13- The results of the generalized Hausman test for the assumption of independence of unrelated options (IIA) 

(Yogurt) 
Probe Stat Clusters 
1.00 -0.669 People with very high loyalty 
1.00 -2.949 People with high loyalty 
1.00 0.978 People with moderate loyalty 
0.94 2.961 people with low loyalty 
0.16 11.785 people with very low loyalty 

Researcher's Calculations 
 

The goodness of fit for the regression model 
is presented in Table 14, where the likelihood 
ratio of the estimated model is 110.03. Given 
the significance level of less than 1%, this result 

is statistically significant. Therefore, the 
regression model is considered significant 
overall. 

 
Table 14- Good fit criteria of the multinomial logit model (Yogurt) 

Statistics value Statistics Statistics value Statistics 
0.056 Pseudo R2 -916.406 LR 
0.154 Cragg & Uhler’s R2 0 LR-prob 

1872.778 AIC 110.03 LR(12) 
-31.25 BIC 0.036 McFadden’s Adj R2 

Researcher's Calculations 
 

The results of estimating the multinomial 
logit model using the maximum likelihood 
method to assess the impact of the specified 
explanatory variables on customer loyalty for 
the yogurt product are presented in Table 15. 
Individuals who prioritize compliance with 
industry regulations have a significant positive 
effect on the likelihood of being classified in the 
second cluster compared to the base cluster (the 
very low customer lifetime value cluster), 
increasing the probability of inclusion in this 
group by 3.92%. 

The importance of accepting social 
responsibility positively impacts the likelihood 
of being placed in the clusters of individuals 
with high, medium, and low customer lifetime 
value compared to the base cluster. 
Specifically, the likelihood increases by 1.77% 

for the first cluster (high customer lifetime 
value) and by 1.56% for the second cluster 
(medium customer lifetime value), while it 
decreases by 0.41% for the fourth cluster (low 
customer lifetime value). Adherence to ethical 
norms significantly reduces the likelihood of 
being placed in the very high and high customer 
lifetime value clusters relative to the base 
cluster, while increasing the likelihood of being 
classified in the low customer lifetime value 
cluster. Specifically, it reduces the probability 
of inclusion in the high customer lifetime value 
cluster by 0.42% compared to the base cluster 
and increases the likelihood of being in the low 
customer lifetime value cluster by 2.10% 
compared to the base cluster. 

 

Table 15- Estimation results of multinomial logit model (Yogurt) 
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Relative 

Risk 

Ratio 

P-

Value 

Standard 

deviation 
Coefficient Variable Name Category 

0.858 0.356 0.165 -0.152 
Adherence of the brand to the rules of 

its field of activity 
Cluster1 

People with a very high 

level of loyalty 

0.729 0.114 0.199 -0.315 
Respect for ethical norms by the 

brand 

1.77 0.001 0.187 0.321 
Preferably a brand with social 

responsibility 

3.925 0.00 0.305 1.367 
Adherence of the brand to the rules of 

its field of activity 
Cluster 2 

People with a high level 

of loyalty 

0.429 0.004 0.296 -0.845 
Respect for ethical norms by the 

brand 

1.569 0.01 0.174 0.45 
Preferably a brand with social 

responsibility 

0.873 0.366 0.149 -0.134 
Adherence of the brand to the rules of 

its field of activity 
Cluster 3 

People with an average 

level of loyalty 

0.991 0.961 0.174 -0.008 
Respect for ethical norms by the 

brand 

0.981 0.066 0.282 -0.019 
Preferably a brand with social 

responsibility 

0.875 0.427 0.166 -0.132 
Adherence of the brand to the rules of 

its field of activity 
Cluster 4 

People with low level of 

loyalty 

2.102 0.001 0.221 0.742 
Respect for ethical norms by the 

brand 

0.412 0.00 0.177 -0.886 
Preferably a brand with social 

responsibility 

Researcher's Calculations 

 

Product: Ayran (Yogurt Drink) 

In this study, the fourth cluster of the 
dependent variable, representing individuals 
with low customer lifetime value, was 
designated as the base group for the ayran 
product customer segment. To ensure the 
optimal and accurate classification of the 
dependent variable groups, the Wald test was 
conducted, and the results are presented in 

Table 16. The statistical values for the pairwise 
comparisons among the clusters were not all 
found to be significant. As a result, the first 
cluster was merged with the second cluster, and 
upon re-testing, all statistical values became 
significant. Consequently, the null hypothesis 
of combining the groups was rejected, 
confirming that the model, with the four distinct 
levels of the dependent variable, is appropriate. 

 
Table 16- Parent test results for combining loyalty levels (Ayran) 

Wald Test 
Cluster 

Probe Stat 
0.001 16.687 Very high and high loyalty people with medium loyalty people 

0.012 10.969 People with very high loyalty and high loyalty with people with low 

loyalty 

0.023 9.498 People with very high and high loyalty with people with very low 

loyalty 
0.00 20.405 People with moderate loyalty versus people with low loyalty 
0.00 54.573 People with moderate loyalty and people with very low loyalty 
0.00 54.274 People with low loyalty versus people with very low loyalty 

Researcher's Calculations 

 

The results of the Hausman test are 
presented in Table 17. According to the table, 
the statistical values for all groups are found to 
be statistically insignificant, meaning the null 
hypothesis of the independence of irrelevant 

alternatives is not rejected. Therefore, it can be 
concluded that the groups are independent, and 
the use of the multinomial logit model for this 
analysis is appropriate and will not present any 
issues. 
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Table 17- The results of the generalized Hausman test for the assumption of independence of unrelated options (IIA)(Ayran) 

Probe Stat Cluster 
1.00 -5.406 People with very high and high loyalty 
1.00 -2.213 People with average loyalty 

0.865 2.061 People with low loyalty 
0.987 1.788 People with very low loyalty 

Researcher's Calculations 

 

The goodness of fit for the regression model 
is reported in Table 18, where the likelihood 
ratio of the estimated model is 113.83. Given 
the significance level of less than 1%, this result 

is statistically significant. Therefore, the 
regression model is considered significant 
overall. 

 
Table 18- Good fit criteria of the multinomial logit model (Ayran) 

Statistics value Statistics Statistics value Statistics 
0.108 Pseudo R2 -466.650 LR 
0.192 Cragg & Uhler’s R2 0 LR-prob 
965.3 AIC 113.837 LR(9) 

-54.776 BIC 0.078 McFadden’s Adj R2 
Researcher's Calculations 

 

Table 19- Estimation results of multinomial logit model (Ayran) 

Relative 

Risk 

Ratio 

P-

Value 

Standard 

deviation 
Coefficient Variable Name Category 

1.525 0.452 0.561 -0.422 
Adherence of the brand to the rules of its 

field of activity Cluster 1 

(People with a very high & high 

level of loyalty) 

2.011 0.296 0.668 0.698 Respect for ethical norms by the brand 

2.024 0.65 0.517 0.705 
Preferably a brand with social 

responsibility 

3.661 0.00 0.303 1.297 
Adherence of the brand to the rules of its 

field of activity Cluster 2 

(People with an average level of 

loyalty) 

0.371 0.00 0.283 -0.990 Respect for ethical norms by the brand 

0.752 0.295 0.271 -0.284 
Preferably a brand with social 

responsibility 

0.36 0.00 0.172 -1.01 
Adherence of the brand to the rules of its 

field of activity Cluster 3 

(People with a very low level of 

loyalty) 

1.63 0.012 0.193 0.489 Respect for ethical norms by the brand 

0.508 0.00 0.182 -0.65 
Preferably a brand with social 

responsibility 

Researcher's Calculations 

 
The results of estimating the multinomial 

logit model using the maximum likelihood 
method to examine the impact of the specified 
explanatory variables on customer loyalty for 
the ayran product are presented in Table 19. 
The importance of accepting social 
responsibility has a significant positive impact 
on the likelihood of being classified in the very 
low customer lifetime value cluster compared 
to the base cluster (low customer lifetime 
value), increasing the probability of inclusion in 
this group by 2.22%. Additionally, it has a 
significant negative effect on the likelihood of 

being placed in the fifth cluster, reducing the 
probability of inclusion in this cluster by 
0.50%. 

Adherence to ethical norms negatively 
impacts the likelihood of being classified in the 
medium customer lifetime value cluster, while 
positively influencing the likelihood of being 
categorized in the very low customer lifetime 
value cluster compared to the base cluster. 
Specifically, it decreases the probability of 
inclusion in the medium customer lifetime 
value cluster by 0.37% and increases the 
probability of inclusion in the very low 
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customer lifetime value cluster by 1.63%. 
Individuals who prioritize compliance with 

industry regulations have a significant positive 
effect on the likelihood of being placed in the 
third cluster compared to the base cluster, 
increasing the likelihood of being in this group 
by 3.66%. Furthermore, the significance of this 
factor has a notable negative impact on the 
likelihood of being classified in the very low 
customer lifetime value cluster compared to the 
base cluster, decreasing the probability of 
inclusion in this group by 0.36%. 

 
Recommendations 

Based on the results obtained from 710 
completed questionnaires from dairy product 
consumers in Tehran, customers were 
segmented into five clusters after standardizing 
the RFM model parameters and calculating the 
Dunn statistic. Using the Analytical Hierarchy 
Process (AHP) method and expert opinions in 
the field, the weights of the parameters were 
determined, revealing that the amount of money 
spent per purchase holds the highest 
significance among the parameters. 
Subsequently, Customer Lifetime Value (CLV) 
was calculated using customer data and the 
weights derived from the WRFM model, and 
clusters were ranked based on the computed 
CLV scores. The highest frequency percentages 
were found in clusters with low CLV for milk, 
very low CLV for yogurt, and medium CLV for 
cheese. 

It is important to note that this survey 
focused on corporate dairy products and 
reputable brands in the dairy industry, 
excluding consumers of traditional dairy 
products. One possible reason for the frequency 
of low-CLV clusters could be the exclusion of 
traditional dairy product purchases from the 
sample. Respondents indicated that they 
purchase traditional dairy products for some 
family members while preferring industrial 
dairy products for others. 

To assess the impact of ethical components 
on CLV and customer segmentation, a 
multinomial logistic regression model was 
employed. The findings for each component are 
detailed below: 

• Compliance with Industry Regulations: 
This factor was not statistically significant 
for any of the examined products (milk, 
cheese, yogurt, and Ayran) in any cluster. 
However, significant results indicate that 
in higher-CLV clusters, compliance with 
industry regulations has a strong positive 
impact, increasing the likelihood of 
placement in these clusters compared to the 
base cluster. Conversely, in lower-CLV 
clusters, compliance with industry 
regulations has a significant negative 
effect, reducing the probability of 
placement in these clusters, as shown by 
the Relative Risk Ratio (RRR) statistic. 

• Respect for Ethical Norms: This factor was 
also not statistically significant for any of 
the products across the clusters. However, 
in contrast to compliance with industry 
regulations, respect for ethical norms had a 
significant positive impact on placement in 
low-CLV clusters, increasing the 
probability of customers falling into these 
segments. Conversely, for high-CLV 
clusters, this factor had a negative effect, 
reducing the likelihood of placement in 
these clusters compared to the base group. 
Customers in low-CLV categories value 
this component, which may ultimately 
facilitate their transition into higher-CLV 
categories. 

• Social Responsibility of the Brand: Similar 
to compliance with industry regulations, 
this factor had a strong positive impact on 
high-CLV clusters, increasing the 
probability of customers being categorized 
in these segments. Conversely, in low-
CLV clusters, this factor showed a 
significant negative effect, reducing the 
likelihood of placement in these clusters, as 
indicated by the RRR statistic. 

 

Product-Specific Findings 
Based on the final calculated effects and the 

estimated logistic regression models, the 
impact of ethical components on different dairy 
products is as follows: 

• Ayran: Compliance with industry 
regulations and social responsibility both 
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increase the likelihood of placement in a 
higher-CLV cluster, whereas respect for 
ethical norms is associated with placement 
in lower-CLV clusters. 

• Cheese: The order of influence is as follows: 
social responsibility, respect for ethical 
norms, and compliance with industry 
regulations. Emphasizing ethical norms 
increases placement in lower-CLV clusters. 

• Yogurt: The order of influence is: 
compliance with industry regulations, 
respect for ethical norms, and social 
responsibility. As observed with other 
products, prioritizing ethical norms results in 
placement in lower-CLV clusters. 

• Milk: The impact of ethical components 
differs from that of other dairy products. In 
this case, prioritizing compliance with 
industry regulations leads to placement in 
lower-CLV clusters, while social 
responsibility is associated with placement 
in higher-CLV clusters. 

 

Managerial Implications 
Dairy industry stakeholders can enhance 

customer loyalty and facilitate transitions to 
higher-CLV clusters by demonstrating 
commitment to industry regulations and social 
responsibility. If brands take proactive 
measures to respect ethical norms, some 
consumers of cheese, yogurt, and Ayran may 
respond positively and shift towards higher-
value customer segments. This is particularly 
crucial given that a significant proportion of 
consumers for these products currently belong 
to low-CLV clusters. 

The findings suggest that loyal, high-CLV 
customers in the dairy industry place 

considerable importance on social 
responsibility and compliance with industry 
regulations as ethical factors. As highlighted at 
the beginning of this study, in today’s 
competitive market, companies must consider 
factors that influence consumer decisions, 
interests, and beliefs to foster brand loyalty. 
Ethical considerations have emerged as a 
critical domain, with research and logistic 
model results confirming that in recent years, 
ethical concerns have significantly impacted 
purchasing behaviors and consumer 
perceptions of products and brands. 

Correcting negative brand perceptions 
through marketing efforts is a time-intensive 
and costly process. Therefore, it is imperative 
to address these concerns proactively and 
implement the necessary measures to align 
brand strategies with ethical consumer 
expectations. 

 
Recommendations for Future Research 

It is recommended that dairy brands conduct 
comprehensive CLV analyses to assess the 
potential for increasing customer value and 
subsequently develop targeted marketing 
strategies for each customer segment based on 
their CLV. 

For future studies, it is suggested that CLV 
calculations be conducted separately for each 
brand. Additionally, a second phase of research 
could focus on identifying the factors 
influencing CLV growth for each product 
within each brand. This approach would 
provide deeper insights into the strategies 
employed by various brands to enhance 
customer lifetime value. 

 
References 

1. Abens, R., & Parcheta, D. (2016). Customer Lifetime Value in the Packaged Goods Industry. 
In Accountable Marketing (pp. 83-95). Routledge.  

2. Adams, R.J. (2002). Retail profitability and sweatshops: a global dilemma. Journal of Retailing 
and Consumer Services, 9(3), 147-153. https://doi.org/10.1016/S0969-6989(01)00014-5 

3. Akhondzadeh-Noughabi, L., Albadvi, A., & Aghdasi, M. (2014). Mining customer dynamics in 
designing customer segmentation using data mining techniques. Journal of Information 
Technology Management, 6(1), 1-30. (In Persian). https://doi.org/10.22059/JITM.2014.50048.  

4. Baeva, D.Y. (2011). Strong brands: how brand strategy and brand communication contribute to 
build brand equity: the case of navigator (Doctoral dissertation). 

https://doi.org/10.1016/S0969-6989(01)00014-5
https://doi.org/10.22059/jitm.2014.50048


Vajdi Hokm Abad et al., Investigating the Effective Components on Customer Lifetime Value     387 

5. Bargh, J.A. (1994). The four horsemen of automaticity: Intention, awareness, efficiency, and 
control as separate issues. 

6. Bastos, W., & Levy, S.J. (2012). A history of the concept of branding: practice and theory. 
Journal of Historical Research in Marketing. 

7. Ben-Akiva, M.E., & Lerman, S.R. (1985). Discrete choice analysis: theory and application to 
travel demand (Vol. 9). MIT press. 

8. Bivarani, H., & Azimi, M. (2014). Classification of Sadaret Bank customers based on customer 
value using decision tree. Productivity Management, 9(33), 116-135. (In Persian) 

9. Blocker, C.P., & Flint, D.J. (2007). Customer segments as moving targets: Integrating customer 
value dynamism into segment instability logic. Industrial Marketing Management, 36(6), 810–
822.  

10. Buttle, F., & Maklan, S. (2019). Customer relationship management: concepts and technologies. 
Routledge. https://doi.org/10.4324/9781351016551 

11. Crane, A., Matten, D., Glozer, S., & Spence, L.J. (2019). Business ethics: Managing corporate 
citizenship and sustainability in the age of globalization. Oxford University Press, USA.  

12. Chang, C.H. (2011). The influence of corporate environmental ethics on competitive advantage: 
The mediation role of green innovation. Journal of Business Ethics, 104, 361-370. 
https://doi.org/10.1007/s10551-011-0914-x 

13. Chang, H.C., & Tsai, H.P. (2011). Group RFM analysis as a novel framework to discover better 
customer consumption behavior. Expert Systems with Applications, 38(12), 14499-14513. 
https://doi.org/10.1016/j.eswa.2011.05.034 

14. Cooksley, G. (2007). Customer lifetime value models: do they predict actual behaviour? 
15. Dickson, P.R., & Ginter, J.L. (1987). Market segmentation, product differentiation, and 

marketing strategy. Journal of Marketing, 51(2), 1-10. 
16. Dunn, J.C. (1974). Well-separated clusters and optimal fuzzy partitions. Journal of 

Cybernetics, 4(1), 95-104. 
17. Estrella-Ramon, A.M., Sanchez-Perez, M., Swinnen, G., & VanHoof, K. (2013). A marketing 

view of the customer value: Customer lifetime value and customer equity. South African Journal 
of Business Management, 44(4), 47-64. https://hdl.handle.net/10520/EJC146688 

18. Fader, P.S. (2012). Customer centricity: Focus on the right customers for strategic advantage. 
Wharton Digital Press. 

19. Feiz, S., Ghotbabadi, A.R., & Khalifah, Z.B. (2016). Customer Lifetime Value in 
organizations. Asian Journal of Research in Social Sciences and Humanities, 6(5), 53-58. 

20. Ghale, R.D., Karimi, F., & Dinani, H.G. (2021). Identifying and prioritizing dimensions and 
indicators of customer lifetime value for supplemental health insurance industry. Jundishapur 
Journal of Health Sciences, 13(4). 

21. Glady, N., Baesens, B., & Croux, C. (2009). A modified Pareto/NBD approach for predicting 
customer lifetime value. Expert Systems with Applications, 36(2), 2062-2071. 

22. Gleim, M.R., Smith, J.S., Andrews, D., & Cronin Jr, J.J. (2013). Against the green: A multi-
method examination of the barriers to green consumption. Journal of Retailing, 89(1), 44-61. 
https://doi.org/10.1016/j.jretai.2012.10.001 

23. Green, W. (2011), Econometric Analysis, Prentice Hall. 
24. Greene, J., & Haidt, J. (2002). How (and where) does moral judgment work?. Trends in Cognitive 

Sciences, 6(12), 517-523. 
25. Gupta, S., Hanssens, D., Hardie, B., Kahn, W., Kumar, V., Lin, N., Ravishanker, N., & Sriram, 

S. (2006). Modeling customer lifetime value. Journal of Service Research, 9(2), 139-155. 
https://doi.org/10.1177/1094670506293810 

26. Haenlein, M. (2017). How to date your clients in the 21st century: Challenges in managing 
customer relationships in today’s world. Business Horizons, 60(5), 577-586. 

https://doi.org/10.4324/9781351016551
https://doi.org/10.1007/s10551-011-0914-x
https://doi.org/10.1016/j.eswa.2011.05.034
https://hdl.handle.net/10520/EJC146688
https://doi.org/10.1016/j.jretai.2012.10.001
https://doi.org/10.1177/1094670506293810


388     Journal of Agricultural Economics & Development Vol. 38, No. 4, Winter 2025 

https://doi.org/10.1016/j.bushor.2017.06.002 
27. Haidt, J. (2007). The new synthesis in moral psychology. Science, 316(5827), 998-1002. 

https://doi.org/10.1126/science.1137651 
28. He, X., & Li, C. (2016, December). The research and application of customer segmentation on 

e-commerce websites. In 2016 6th International Conference on Digital Home (ICDH) (pp. 203-
208). IEEE 

29. Hausman, J., & McFadden, D. (1984). Specification tests for the multinomial logit 
model. Econometrica: Journal of the Econometric Society, 1219-1240. https://doi.org/10.2307/ 
1910997 

30. Isengildina, O., & Hudson, D. (2001). Factors affecting hedging decisions using evidence from 
the cotton industry. 10.22004/ag.econ.18970 

31. Jasek, P., Vrana, L., Sperkova, L., Smutny, Z., & Kobulsky, M. (2018). Modeling and application 
of customer lifetime value in online retail. In Informatics, 5(1), 2. MDPI. 
https://doi.org/10.3390/informatics5010002  

32. Jasek, P., Vrana, L., Sperkova, L., Smutny, Z., & Kobulsky, M. (2019). Comparative analysis of 
selected probabilistic customer lifetime value models in online shopping. Journal of Business 
Economics and Management, 20(3), 398-423. https://doi.org/10.3846/jbem.2019.9597 

33. Jamali, S., & Navaei, Y.D. (2016). A two-level product recommender for E-commerce sites by 
using sequential pattern analysis. International Journal of Integrated Engineering, 8(1). 

34. Jandaghi, G., Ghoreishi, S.M., & Ahadi Shoar, S.M. (2017). Investigating the dimensions of 
social capital and its relation to moral marketing (Case: Sepah Bank Branches of Qom 
Province). Social Capital Management, 4(3), 309-332. (In Persian). 
https://doi.org/10.22059/jscm.2018.136506. 1133  

35. Jiang, X., Bai, R., Wallace, S.W., Kendall, G., & Landa-Silva, D. (2021). Soft clustering-based 
scenario bundling for a progressive hedging heuristic in stochastic service network 
design. Computers & Operations Research, 128, 105182. 

36. Jones, D.B., & Tadajewski, M. (Eds.). (2016). The Routledge companion to marketing history. 
Routledge. 

37. Kasprova, A. (2020). Customer Lifetime Value for Retail Based on Transactional and Loyalty 
Card Data. 

38. Khanleri, A., & Gorohi, B. (2012). Categorizing and estimating the value of bank customers 
through customer lifetime value and possible patterns. The 4th International Conference on 
Marketing of Banking Services, Tehran, Center for International Broadcasting Conferences. (In 
Persian) 

39. Kim, S-Y., Jung, T.-S., Suh, E.-H., & Hwang, H.-S. (2006). Customer segmentation and strategy 
development based on customer lifetime value: A case study. Expert Systems with Applications, 
31(1), 101-107. 

40. Kumar, V., Pozza, I.D., Petersen, J.A., & Denish Shah, D. (2009). Reversing the logic: The path 
to profit¬ability through relationship marketing. Journal of Interactive Marketing, 23(2), 147-
156. https://doi.org/10.1016/j.intmar.2009.02.003 

41. Lavorata, L. (2014). Influence of retailers’ commitment to sustainable development on store 
image, consumer loyalty and consumer boycotts: Proposal for a model using the theory of 
planned behavior. Journal of Retailing and Consumer Services, 21(6), 1021-1027. 
https://doi.org/10.1016/j.jretconser.2014.01.003 

42. Scott Long, J. (1997). Regression models for categorical and limited dependent 
variables. Advanced Quantitative Techniques in the Social Sciences, 7. 

43. Modesto, J.C.P. (2020). Marketing Communication Plan-TREE Real Estate Experience 
(Doctoral dissertation, ISCTE-Instituto Universitario de Lisboa (Portugal)). 

44. Monalisa, S. (2018). Klasterisasi Customer Lifetime value dengan Model LRFM Menggunakan 

https://doi.org/10.1016/j.bushor.2017.06.002
https://doi.org/10.1126/science.1137651
https://doi.org/10.2307/%201910997
https://doi.org/10.2307/%201910997
http://dx.doi.org/10.22004/ag.econ.18970
https://doi.org/10.3390/informatics5010002
https://doi.org/10.3846/jbem.2019.9597
https://doi.org/10.22059/jscm.2018.136506.%201133
https://doi.org/10.22059/jscm.2018.136506.%201133
https://doi.org/10.1016/j.intmar.2009.02.003
https://doi.org/10.1016/j.jretconser.2014.01.003


Vajdi Hokm Abad et al., Investigating the Effective Components on Customer Lifetime Value     389 

Algoritma K-Means. Jurnal Teknologi Informasi dan Ilmu Komputer (JTIIK), 5(2), 247-252. 
https://doi.org/10.25126/jtiik.201852690 

45. Monalisa, S., Nadya, P., & Novita, R. (2019). Analysis for customer lifetime value categorization 
with RFM model. Procedia Computer Science, 161, 834-840. https://doi.org/10.1016/j.procs. 
2019.11.190 

46. Moll, J., De Oliveira-Souza, R., Bramati, I.E., & Grafman, J. (2002). Functional networks in 
emotional moral and nonmoral social judgments. Neuroimage, 16(3), 696-703. 
https://doi.org/10. 1523/JNEUROSCI.22-07-02730.2002 

47. Moll, J., Zahn, R., De Oliveira-Souza, R., Krueger, F., & Grafman, J. (2005). The neural basis 
of human moral cognition. Nature Reviews Neuroscience, 6(10), 799-809. https://doi.org/10. 
1038/nrn1768 

48. Mosaddegh, A., Albadvi, A., Sepehri, M.M., & Teimourpour, B. (2021). Dynamics of customer 
segments: A predictor of customer lifetime value. Expert Systems with Applications, 172, 
114606. https://doi.org/10.1016/j.eswa.2021.114606 

49. Mothersbaugh, D.L., Hawkins, D.I., Kleiser, S.B., Mothersbaugh, L.L., & Watson, C.F. (2020). 
Consumer behavior: Building marketing strategy. New York, NY, USA: McGraw-Hill 
Education. 1-260-10004-9 

50. Niazian, A. (2018). Examining the moderating role of ethical marketing in the relationship 
between knowledge sharing and employee-oriented innovation (case study: public hospitals of 
Ilam province) [Master's thesis, Bakhtar Institute of Higher Education, Ilam]. (In Persian) 

51. Pecoraro, M.G., & Uusitalo, O. (2014). Conflicting values of ethical consumption in diverse 
worlds–A cultural approach. Journal of Consumer Culture, 14(1), 45-65. 
https://doi.org/10.1177/ 1469540513485273 

52. Rana, J., & Paul, J. (2017). Consumer behavior and purchase intention for organic food: A review 
and research agenda. Journal of Retailing and Consumer Services, 38, 157-165. 
https://doi.org/10.1016/j.jretconser.2017.06.004 

53. Shaw, D., McMaster, R., & Newholm, T. (2016). Care and commitment in ethical consumption: 
An exploration of the ‘attitude–behaviour gap’. Journal of Business Ethics, 136, 251-265. 
https://doi.org/10.1007/s10551-014-2442-y 

54. Shiri, A., Dehghani Soltani, M., Soltani Banavandi, A., & Azadi, Y. (2017). The effect of service-
orientation on customer's loyalty with mediating role of service quality in hotel industry (A case 
study: Kerman's Pars Hotel). Journal of Tourism and Development, 6(2), 39-62. (In Persian). 
https://doi.org/10.22034/jtd.2020.110396  

55. Tsarenko, Y., Ferraro, C., Sands, S., & McLeod, C. (2013). Environmentally conscious 
consumption: The role of retailers and peers as external influences. Journal of Retailing and 
Consumer Services, 20(3), 302-310. https://doi.org/10.1016/j.jretconser.2013.01.006 

56. Winer, R.S. (2001). Customer relationship management: a framework, research directions, and 
the future. Haas School of Business. 

57. Willer, H., & Lernoud, J. (2016). The world of organic agriculture. Statistics and Emerging 
Trends 2016. Research Institute of Organic Agriculture FiBL and IFOAM Organics International 
(Accessed 23 October 2017). http://orgprints.org/31151/1/willer-lernoud-2016-world-of-
organic.pdf 

58. Yeh, I.C., Yang, K.J., & Ting, T.M. (2009). Knowledge discovery on RFM model using 
Bernoulli sequence. Expert Systems with Applications, 36(3), 5866-5871. 
https://doi.org/10.1016/j.eswa. 2008.07.018 

59. Yoseph, F., Ahamed Hassain Malim, N.H., Heikkilä, M., Brezulianu, A., Geman, O., & Paskhal 
Rostam, N.A. (2020). The impact of big data market segmentation using data mining and 
clustering techniques. Journal of Intelligent & Fuzzy Systems, 38(5), 6159-6173. 
https://doi.org/10.3233/JIFS -179698 

https://doi.org/10.25126/jtiik.201852690
https://doi.org/10.1016/j.procs.%202019.11.190
https://doi.org/10.1016/j.procs.%202019.11.190
https://doi.org/10.%201523/JNEUROSCI.22-07-02730.2002
https://doi.org/10.%201038/nrn1768
https://doi.org/10.%201038/nrn1768
https://doi.org/10.1016/j.eswa.2021.114606
https://doi.org/10.1177/%201469540513485273
https://doi.org/10.1016/j.jretconser.2017.06.004
https://doi.org/10.1007/s10551-014-2442-y
https://doi.org/10.22034/jtd.2020.110396
https://doi.org/10.1016/j.jretconser.2013.01.006
http://orgprints.org/31151/1/willer-lernoud-2016-world-of-organic.pdf
http://orgprints.org/31151/1/willer-lernoud-2016-world-of-organic.pdf
https://doi.org/10.1016/j.eswa.%202008.07.018
https://doi.org/10.3233/JIFS%20-179698


390     Journal of Agricultural Economics & Development Vol. 38, No. 4, Winter 2025 

60. Zehir, C., & Narcıkara, E. (2016). E-service quality and e-recovery service quality: Effects on 
value perceptions and loyalty intentions. Procedia-Social and Behavioral Sciences, 229, 427-
443. https://doi.org/10.1016/j.sbspro.2016.07.153 

  

https://doi.org/10.1016/j.sbspro.2016.07.153


Vajdi Hokm Abad et al., Investigating the Effective Components on Customer Lifetime Value     391 

 

 مقاله پژوهشی

 371-391، ص.  1403، زمستان،  4، شماره 38جلد 
 

 محصولات لبنی در شهر تهران ثر بر ارزش دوره عمر مشتری ؤهای اخلاقی ملفه ؤ بررسی م

 
 4سید صفدر حسینی -3سعید یزدانی -2امیرحسین چیذری  -*2حامد رفیعی -1فرنوش وجدی حکم آباد 

 27/05/1403تاریخ دریافت: 

 28/07/1403تاریخ پذیرش: 

 

 چکیده 

شتده    یابیبازار  یهاتیفعالی  و مرتز  یعموماً نکره اصت   شترتت  کیخدما    ایمحصتوت     یدر راسترا یمشترر  یوفادار  تیو تقو یامروزه نگهدار
 اخلاق  از  ایحوزه  بازاریابی اخلاقی. استت  اخلاقی  بازاریابی  باشتد   محصتو  تثییرذاار برند/ به مشترریا   وفاداری بهبود بر تواندمی  ته  مواردی  . ازجم هاستت

مستتا ل    لیبه دل  ریدر دو دهه اخ ی نیزاخلاق  ییذرامصتتر   .دارد  ارتباط  بازاریابی  در تنظیم و  تب یغ  رفرار   در پنها   اخلاقی  اصتتو   با  ته  استتت  تاربردی
های اخلاقی بر ارزش دوره عمر مشتترری برای لفهؤ. در این راستترا در این مطالعه به هد  بررستتی مترده استتت دایپ  تیاهم یطیمحستتتیو ز  یاجرماع
پرستشتنامه در شتهر تهرا  تکمیل ذردید و با   710انجام شتده استت. برای دستریابی به هد     1402تنندذا  محصتوت  لبنی در تهرا  در ستا  مصتر 

های با دهنده درصتد فراوانی باتی خوشتهنشتا  استرفاده ذردید و نرای  GWRFMاسترررا  الالاعا  مورد نیاز برای محاستبه دوره عمر مشترری از روش 
پراخره شد ته نریجه حاتی از اهمیت   CLVهای اخلاقی بر لفهؤییر مثارزش دوره عمر پایین بودند. در مرح ه دوم با اسرفاده از تجیت چندذانه به بررسی ت
شتود فعات  دار بود. از این رو پیشتنهاد میرری بصتور  مببت و معنیپایبندی به قوانین حوزه فعالیت و پایرش مستوولیت اجرماعی بر ارزش دوره عمر مشت 

توانند آنها را به صتتتنعت لبنیا  با مطمون ترد  مشتتترریا  از پایبندی به قوانین حوزه فعالیت این صتتتنعت و همشنین پایرش مستتتوولیت اجرماعی می
ر در زمینه احررام به هنجارهای اخلاقی نیز اقداما  مببری انجام ذردد برش قابل های باتتر منرقل ترده و جزو مشترریا  وفادار خود قرار دهند. اذخوشته

ها به سوی قرارذیری در زمره مشرریا  باارزش این دهد و سبب حرتت آ ییر قرار میثتنندذا  محصوت  پنیر  ماست و دوغ را تحت تتوجهی از مصر 
 شود.صنعت می
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